Game/Content Evalulation
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From: Lantz, F., Isaksen, A., Jaffe, A., Nealen, A., & Togelius, J. (2017). Depth in strategic games. Proc. 31st AAAI Conference on Artificial Intelligence, AAAI 2017. 967-974
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Diagrams from

Browne, Cameron Bolitho (2008) Automatic generation and evaluation of recombination games. ph thesis, Queensland University of Technology.

From <https://eprints.qut.edu.au/17025/>
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https://eprints.qut.edu.au/view/person/Browne,_Cameron.html
https://eprints.qut.edu.au/17025/
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13. Piece capture (L0585
17. Convergence L0221
21. Clarity (variance) 1.3763
25, Uncertainty (late) 0.2023
\ ; 26. Drama (average) 0.2167
¥ 28. Killer moves 0.3585
[ 3]
&v 7 29, Permancnoe 01027
30. Lead change -0.2769
32. Decisiveness threshold 0.1311
36. Momentum (1) 0.1244
39, Correction (1) 0.1622
45, Puzzle quality 0.0826
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Generative Adversarial Networks
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From V. Volz, J. Schrum, J. Liu, S. M. Lucas, A. Smith, and S. Risi, "Evolving Mario Levels in the Latent
Space of a Deep Convolutional Generative Adversarial Network", GECCO "18, July 15-19, 2018, Kyoto,
Japan ISBN 978-1-4503-5618-3/18/07, https://doi.org/10.1145/3205455.3205517
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